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Domestic Tourism Demand of Urban and Rural Residents in China:  
Does Relative Income Matter? 
Yang Yang 
Department of Geography 
University of Florida 
ABSTRACT 
This research aims to investigate the domestic tourism demand of urban and rural 
residents in China. Multilevel models are applied to develop domestic tourism 
demand as a function of income, price of tourism, and substitute price. In the 
multilevel model, the relative income effect is explored by the interaction term 
between individual income and average income over city/province. Based on the 
estimation results, the paper substantiates the need to incorporate relative income to 
tourism demand study. Furthermore, regional differences between residents in 
different sub-regions and different patterns of determinants between urban and rural 
residents are identified and discussed. 
Keywords: domestic tourism demand, China, multilevel model, relative income  
INTRODUCTION 
Along with the rapid growth of Chinese domestic tourism in the last decade, 
there is an increasing demand for tourism literature in this field for policy and 
marketing suggestions. However, few studies have focused on the determinants and 
mechanism of domestic tourism demand using econometric analysis (Cai, Hu, & Feng, 
2001; Cai & Knutson, 1998; Z. Wang, 2010). The previous papers tried to explain the 
relationship between tourism demand and related factors, but their results, especially 
those regarding the sensitivity of income and price on domestic tourism, are less 
rigorous without scrupulous econometric modelling. This study is an important 
attempt to fill this gap in Chinese domestic tourism literature. By modelling domestic 
tourism demand of urban and rural residents, the study attempts to identify the 
determinants of Chinese domestic tourism demand and quantify their effects. Based 
on the results of this research, policy suggestions for tourism development and 
management at both country and regional levels can be offered.  
This paper contributes to current literature in three major ways. First, as far as 
we are concerned, this paper represents one of the first attempts to introduce relative 
income to study tourism demand. By including this variable, we can capture the 
influence of social status/class on tourism demand. Since tourism demand research 
has been criticized for lacking concern for non-economic factors, our research is an 
important attempt to investigate this social variable in tourism demand analysis. 
Second, this paper applies multilevel models to analyze tourism demand, which 
allows for slope heterogeneity and interactions across different levels. Therefore, it is 
possible to quantify the heterogeneity of various determinants on domestic tourism, 
and to analyze the relative income effect through the interaction term. With the results 
from the models, this paper helps both government and private tourism sectors to 
understand domestic tourism demand of Chinese residents, and provides insights on 
resource allocation to satisfy residents’ tourism demand along with income boom and 
pricing strategy to maximize profits. Third, since the urban-rural dichotomy induces 
different tourism demand for urban and rural residents, by comparing the results from 
models of urban and rural residents, practitioners can carry out more specific tourism 
planning and marketing strategies towards particular segments of domestic tourists. 
SOCIAL STATUS AND TOURISM DEMAND 
Apart from various economic factors, many other types of variables, including 
social variables, are believed to influence tourism demand. A typical social variable is 
the social status of tourists (Moeran, 1983; Mok & Defranco, 2000; Song, et al., 2000). 
In order to better understand the relationship between social status and tourism 
demand, we borrowed two concepts from economics and sociology, namely, 
“conspicuous consumption” and “positional good”. 
Conspicuous consumption is a type of consumption that is designed to signal 
the social position and status of each individual (Veblen, 1967). With this in mind, 
tourism can communicate social status as it could be associated with higher personal 
income and more leisure time (Guo, Kim, & Timothy, 2007; Todd, 2001). 
Furthermore, people often make their tourism consumption visible to others by 
pictures, souvenirs, and verbal descriptions. To symbolize social status during tourism, 
tourists sometimes purchase luxury products and services (Park, Reisinger, & Noh, 
2010) or consume fancy local foods (Kim, Eves, & Scarles, 2009). Moeran (1983) 
highlighted the influences of social status on Japanese tourists’ behaviour; depending 
on the social status, they might make different decisions on outbound travelling 
intentions, destination choice, travelling organization and duration of stay. However, 
the influence of social status on conspicuous tourism consumption might be more 
significant in China. As indicated by Mok and Defranco (2000), in Chinese culture, 
the symbolic value of goods and services are of great importance, and people regard 
status symbols as necessary in daily lives.  
The theory of positional goods states that the utility of possessing positional 
goods is derived not only from the absolute amount but also the relative amount. It 
tends to reflect the social status through the consumption of a particular type of good 
in terms of the relative amount the individual possesses. Therefore, people with a 
higher relative income would consume a larger relative amount of positional goods to 
demonstrate their social status. Status-signalling goods are completely positional 
(Carlsson, Johansson-Stenman, & Martinsson, 2007); and as argued by Urry (1990, 
2003), the consumption of some modern tourism services can be regarded as 
positional goods. 
Some empirical studies have analyzed the degree of positionality of vacations 
by using survey-experimental methods. Surveying faculty, students, and staff at the 
Harvard School of Public Health, Solnick and Hemenway (1998) found that vacation 
time is not positional, while based on a Swedish sample, Carlsson, et al.(2007) also 
argued that leisure is completely non-positional. However, Alpizar, Carlsson and 
Johansson-Stenman (2005) found the opposite from a sample of students at the 
University of Costa Rica and highlighted that relative consumption is important for 
vacations. Also, Solnick, Hong, and Hemenway (2007) found that vacation time is a 
positional good in China, while not in the U.S. Therefore, these results pinpoint the 
difference between developed and developing countries regarding the degree of 
positionality of vacations. 
DATA DESCRIPTION AND MODEL SPECIFICATION 
As mentioned before, we are going to use multilevel models to analyze 
domestic tourism demand in China, covering a sample of urban residents in thirty five 
major cities from 1996 to 2007 and rural residents in thirty provinces from 2000 to 
2007. By doing so, we are able to identify two sources of random variation in our 
domestic tourism demand model: within- and between- city/province variation. Panel 
data models,  frequently used econometric models for tourism demand analysis 
(Song & Li, 2008), can be regarded as special cases of multilevel models by 
specifying yearly observations nested in panels (i.e. countries of origin). To construct 
the multilevel model of domestic tourism demand, we conceptualize two levels: 
resident individuals (at level-1) nested within the cities/provinces in which they live 
(at level-2). To accommodate this multilevel structure, we specify two levels in the 
model as: 
 (1) 
                                    (2) 
                   (3) 
where Equation 1 represents the level-1equation while Equations 2 and 3 represent the 
level-2 equations, explaining the constant and slope heterogeneity across level-2 units, 
respectively. i represents the level-2 unit, which is the city for urban residents and the 
province for rural residents, j represents resident individual, and t represents the year 
of observation. D is the annual domestic tourism expenditure per person. P is the 
tourism price index, PS is the substitute price index to tourism, SARS is a dummy 
variable indicating the outbreak of SARS at the year of 2003 (SARS = 1 if t = 2003, 
and 0, otherwise), and GW is a dummy variable to capture the impact of the Golden 
Week policy from 1999 (GW = 1 if t > 1999, and 0, otherwise). Since we could only 
get the interval data of tourists’ income instead of continuous data, a set of dummy 
variables, inc(2) to inc(7), are used to capture income effects, leaving inc(1) as the 
reference. The definition of these income dummies for urban and rural residents can 
be found in Table 1. For the level-2 equations, Equation 2 incorporates random effect 
αi of each city/province on the constant, which is used to capture unobserved 
city/province specific factors influencing tourism demand which has not been 
included in our model, such as location relative to major tourist attractions and 
traveling cultures. In Equation 3, aver_inc denotes the average disposable income 
over the city/province, and a set of  (k = 2 to 7) represent another six random 
effects. In the specified model, all random effects, ,  and  (k = 2 to 7), are 
assumed to be independent from each other and follow normal distributions with a 
zero mean and a finite variance. We take the log of all continuous variables, and 
therefore, their estimated coefficient can be interpreted as the elasticity, accordingly. 
We are constructing the tourism price index following the origin-destination matrix 
weighted method by Lanza, Temple and Urga (2003). In terms of substitute price, 
instead of using outbound tourism price index (Allen, Yap, & Shareef, 2009; Hamal, 
1996), we are going to use the local price index of cultural activities and 
entertainment by assuming that local cultural activities and entertainment is a 
substitute good to domestic tourism.  
Our domestic tourism demand data is derived from the National Household 
Tourism Survey, and we obtained the dataset from the China Domestic Tourist 
Survey Yearbook (1997-2007). The price data comes from the Price Yearbook of 
China. This dataset is partially aggregated compared to the traditional aggregate data 
used in past tourism demand analyses (Y. Wang & Davidson, 2010). In previous 
tourism demand research, the demand data is aggregated based on administrative units 
or statistical units. Hence, it imposes the restriction of full homogeneity on data by 
assuming that each individual within the unit is uniform in terms of economic and 
social-demographic status. For the partially aggregate data, data is aggregated by 
different income groups nested in each administrative unit. Even though the 
homogeneity problem is still difficult to overcome, our approach is better because at 
least personal income information can be identified. To disaggregate this data, we 
weight the data in the model by the number of observations in each income group 
within the sample unit. 
The multilevel model accounts for the heterogeneity across different levels by 
specifying the random effects over particular levels, such as  and  specified 
in Equations 2 and 3. Furthermore, in the specified model, social status/class is 
measured by personal income relative to average income in the city/province where 
they live. By substituting Equation 3 into Equation 1 we obtain the interaction terms 
between individual income and average income in the city/province. A negative 
estimated coefficient of these interaction terms can be used to identify the relative 
income effect. For example, conditional on the same personal income of two people, 
the one living in the region with a lower average income suggests a higher social 
status/position. This relative income effect indicates that he or she has a higher 
domestic tourism demand than the other one given the same price and substitute price 
they are facing. If these interactions are estimated to be positive, it would indicate a 
demonstration effect in domestic tourism demand, and this demand will be influenced 
by other people in the region where they live (Duesenberry, 1949; Galbraith, 1958). 
As other people become wealthier and, therefore, allocate more of their budgets to 
domestic tourism consumption, residents will imitate and follow others by purchasing 
more domestic tourism as well.  
The descriptive statistics for the variables included in the empirical model are 
presented in Table 1. The sample covers 138,797 urban residents and 40,840 rural 
residents. Although lnP and lnPS are level-1 variables, we could only observe price 
variables for a city at a period instead of that for each individual resident. Therefore, it 
is assumed that residents in the same city/province at the same year are facing the 
same price and substitute price for domestic tourism, and there are 420 observations 
of lnP and lnPS for urban residents and 240 observations for rural residents, which is 
the same number as the observation of level-2 variable lnaver_inc. Among urban 
residents, 54.04% falls into income groups 3 and 4, with a monthly income between 
1,000 and 2,999 RMB Yuan during the study period; while among rural residents, the 
sample is relatively evenly distributed across different income groups. 
Table 1 
Descriptive Statistics of Variables 
 Urban Resident Model Rural Resident Model 
Continuous 
Variable 
Mean Standard  
Deviation 
Number of 
Observations 
Mean Standard  
Deviation 
Number of 
Observations 
lnD 6.463 0.591 138797 6.306 0.559 40840 
lnP 4.626 0.039 420 4.589 0.078 240 
lnPS 4.632 0.088 420 4.627 0.057 240 
lnaver_inc 9.077 0.418 420 7.980 0.425 240 
Categorical 
Variable 
Monthly Income 
(in RMB Yuan) 
Frequency Percent Annual Income 
(in RMB Yuan) 
Frequency Percent 
inc(1) ~499 4339 3.12 ~1499 4265 10.44 
inc(2) 500~999 15861 11.42 1500~1999 5874 14.38 
inc(3) 1000~1999 43636 31.42 2000~2499 6750 16.53 
inc(4) 2000~2999 31415 22.62 2500~2999 5541 13.57 
inc(5) 3000~3999 19212 13.83 3000~3999 8061 19.74 
inc(6) 4000~4999 10735 7.73 4000~4999 4439 10.87 
inc(7) 5000~ 13676 9.85 5000~ 5915 14.48 
 
RESULTS 
Demand model for urban residents 
Table 2 presents the estimation results of domestic tourism demand models for 
urban residents. The first three models in the table, Urban-All1, Urban-All2, and 
Urban-All3 models, include all 138,797 observations across thirty five cities. In 
Urban-All1 model, the baseline model, we assume that the income effect is constant 
across all cities, and do not consider the relative income effect; while in Urban-All2 
model, we include the additional heterogeneity of income effects by including the 
random effects in the slope coefficient of the income effects as  in Equation 3. 
The estimation results are very similar between Urban-All1 and Urban-All2 models. 
The estimated coefficients of inc(2) to inc(7) are positive, statistically significant, and 
in an ascending order, suggesting a positive and significant absolute income effect on 
domestic tourism demand of China’s urban residents. lnP is estimated to be negative 
and significant, while lnPS is positive and significant, which are consistent with 
economic theories. The estimated price elasticity is larger than 1, indicating that 
domestic tourism is elastic to Chinese urban residents. Furthermore, as indicated by 
the negative and significant coefficient of SARS, the SARS outbreak in 2003 
contributes to a 12.6% decline of domestic tourism demand of urban residents. 
However, the estimated coefficient of GW is not significant, suggesting that the 
Golden Week policy has limited impact on Chinese domestic tourism demand, which 
confirms the findings from Wang (2010). This may be explained by the fact that, 
although the Golden Week policy stimulated the tourism demand in certain periods of 
the year, the overall domestic tourism demand of the whole year is unaffected. 
Tourists may change their traveling schedule to accommodate this policy change. 
They spend more during Golden Weeks, while cut down tourism consumption at the 
rest time of the year, making the overall yearly demand unaffected. 
Table 2 
Estimation Results for Domestic Tourism Demand of Urban Residents 
Variable Urban-All1 Urban-All2 Urban-All3 Urban-P1 Urban-P2 Urban-East Urban-Center Urban-West 
inc(2) 0.404*** 0.405*** 3.214** -2.580 6.971** 4.323* -1.035 4.308 
 (0.0648) (0.0654) (1.628) (2.262) (2.831) (2.450) (1.883) (3.062) 
inc(3) 0.664*** 0.693*** 2.467* 0.584 4.619*** 3.496** -2.897* 4.432 
 (0.0733) (0.0624) (1.459) (1.746) (1.607) (1.507) (1.759) (2.896) 
inc(4) 0.869*** 0.901*** 3.761*** 3.225 3.390** 4.882*** -1.253 7.292*** 
 (0.0800) (0.0694) (1.297) (2.315) (1.614) (1.255) (2.634) (2.631) 
inc(5) 1.010*** 1.028*** 4.522*** 3.184 5.566*** 6.620*** 0.440 4.010 
 (0.0735) (0.0687) (1.493) (3.359) (1.632) (1.457) (3.129) (3.536) 
inc(6) 1.086*** 1.142*** 2.410 -1.174 3.271* 5.746*** -5.610 -3.389 
 (0.0866) (0.0822) (1.785) (4.582) (1.824) (1.634) (5.508) (3.596) 
inc(7) 1.244*** 1.265*** 1.074 -6.774 2.140 3.343** -5.283* 0.601 
 (0.101) (0.0921) (1.854) (8.899) (2.278) (1.569) (3.038) (3.719) 
lnP -1.718** -1.902*** -0.756 -0.413 0.755 0.375 -2.141 -1.088 
 (0.703) (0.701) (0.902) (1.055) (0.938) (0.671) (1.985) (1.651) 
lnPS 0.930*** 0.940*** 1.123*** 0.0542 -0.0329 1.501*** 0.325 0.785 
 (0.309) (0.313) (0.357) (0.300) (0.586) (0.380) (0.549) (0.808) 
SARS -0.126*** -0.126*** -0.114***  -0.0912** -0.168*** -0.0463 -0.0453 
 (0.0379) (0.0388) (0.0409)  (0.0448) (0.0461) (0.0446) (0.0878) 
GW -0.0426 -0.0513 -0.000827 0.0153  0.00155 0.0539 -0.0417 
 (0.0617) (0.0622) (0.0602) (0.0586)  (0.0910) (0.0577) (0.106) 
inc(2)*lnaver_inc   -0.313* 0.349 -0.716** -0.438 0.174 -0.430 
   (0.184) (0.259) (0.304) (0.267) (0.221) (0.352) 
inc(3)*lnaver_inc   -0.198 0.0145 -0.422** -0.317* 0.419** -0.412 
   (0.165) (0.200) (0.176) (0.165) (0.204) (0.335) 
inc(4)*lnaver_inc   -0.316** -0.249 -0.274 -0.442*** 0.253 -0.703** 
   (0.145) (0.264) (0.176) (0.133) (0.303) (0.301) 
inc(5)*lnaver_inc   -0.383** -0.237 -0.490*** -0.611*** 0.0823 -0.329 
   (0.165) (0.382) (0.177) (0.154) (0.356) (0.396) 
inc(6)*lnaver_inc   -0.144 0.247 -0.233 -0.509*** 0.743 0.491 
   (0.196) (0.512) (0.193) (0.173) (0.609) (0.394) 
inc(7)*lnaver_inc   0.0107 0.853 -0.0992 -0.238 0.721** 0.0651 
   (0.204) (1.008) (0.245) (0.168) (0.333) (0.416) 
SD(alpha) 0.362*** 0.419*** 0.412*** 0.508*** 0.548*** 0.473*** 0.285*** 0.402*** 
SD(inc(2))  0.357*** 0.325*** 0.376*** 0.538*** 0.420*** 0.225*** 0.230*** 
SD(inc(3))  0.341*** 0.324*** 0.351*** 0.535*** 0.394*** 0.197*** 0.288*** 
SD(inc(4))  0.375*** 0.351*** 0.433*** 0.491*** 0.417*** 0.285*** 0.310*** 
SD(inc(5))  0.371*** 0.350*** 0.569*** 0.448*** 0.388*** 0.336*** 0.330*** 
SD(inc(6))  0.445*** 0.427*** 0.678*** 0.552*** 0.423*** 0.341*** 0.466*** 
SD(inc(7))  0.500*** 0.486*** 0.792*** 0.609*** 0.490*** 0.518*** 0.505*** 
Observations 138797(35) 138797(35) 138797(35) 57086(35) 81711(35) 78295(16) 19495(8) 41007(11) 
AIC 128040.4 112613.7 111098.3 30944.0 48897.6 41839.9 14777.1 44122.4 
BIC 128168.3 112800.6 111344.3 31158.9 49121.1 41978.9 14832.2 44208.7 
(Notes: * indicates p<0.10, ** indicates p<0.05, *** indicates p<0.01.Robust standard error in parenthesis. The 
estimates of level1-1 constants and random effect of level-1 error are not presented. SD(.) indicates the estimated 
standard deviation of random effects) 
 
As suggested by the estimates of SD(.) in Table 2, all random effects in 
Equations 2 and 3 are estimated to be statistically significant, highlighting the 
heterogeneity across cities. From the estimated standard deviation of each random 
effect, we can compare the degree of this heterogeneity. For example, the estimated 
standard deviation of random effect of high-income residents, like SD(inc(6)) and 
SD(inc(7)) are larger, suggesting a more intense cross-city heterogeneity in income 
effects for high-income residents.  
Urban-All3 model is a further extension to the previous two models by 
considering the interaction of individual income and city-average income, which is 
used to capture the effect of relative income. After introducing these interaction terms, 
the estimated coefficient of lnP becomes statistically insignificant albeit still negative. 
However, lnPS is estimated to be positive and significant. The interpretation of 
income effects becomes complicated in this model. For a set of absolute income 
dummy variables, we found that inc(6) and inc(7) are not statistically significant. For 
interaction terms, the interaction terms inc(2)*lnaver_inc, inc(4)*lnaver_inc and 
inc(5)*lnaver_inc are statically significant and negative, highlighting the significant 
relative income effect for middle- and low-income residents. The negative estimated 
coefficient suggests that, conditional on the absolute personal income, a higher 
relative income is associated with a higher domestic tourism demand for urban 
residents in China. This highlights the importance of social status in determining 
domestic tourism demand. To symbolize and communicate one’s prestige and social 
position, they are more likely to spend more on domestic tourism. 
We split our sample to further investigate the change of domestic tourism 
demand over time. Urban-P1 model in Table 2 covers the period from 1996 to 2001, 
while Urban-P2 model includes observations from 2002 to 2007. By comparing the 
estimates from these two models, an important finding is that the interaction terms are 
only estimated to be statistically significant and negative over the period from 2002 to 
2007, emphasizing the fact that the relative income did not play an important role in 
determining domestic tourism demand of urban residents until recently. One possible 
explanation would be the change of domestic tourism patterns over time. In the past, 
domestic tourism was characterized by sightseeing activities with economic services, 
while after 2000, more and more domestic tourists choose to take vacation, purchase 
some luxury goods and services, and maintain high comforts during travel. As a result, 
domestic tourism becomes more status-symbolizing, and the relationship between 
relative income and domestic tourism demand turns to be significant. 
In the last three columns of Table 2, we estimate the model including relative 
income effects with the sample in different geographic sub-regions. From Urban-East, 
Urban-Center and Urban-West models, we found that, with regard to price variables, 
only lnPS is statistically significant for the East, and it is estimated to be positive. In 
terms of SARS outbreak, the negative and significant coefficient of SARS in 
Urban-East model suggests that the SARS outbreak only exerts significant negative 
impacts on domestic tourism demand of urban residents in the East. This can be 
explained by the higher incidence of SARS in the East according to China Statistical 
Yearbook of Health, and it is consistent with the finding from Yang and Wong 
(forthcoming). In all of three models, GW is estimated to be insignificant. We found 
different relative income effects across different regions. The relative income effect 
on domestic tourism demand is most significant in the East as four out of six 
interaction terms are estimated to be significant and negative, indicating a significant 
relationship between relative income and domestic tourism demand for urban resident 
in the East with a monthly income from 1,000 to 4,999 RMB Yuan. For urban 
residents in the West, the relative income effect is found to be significant for residents 
with monthly incomes from 2,000 to 2,999 RMB Yuan. It is surprising to note that 
two interaction terms representing relative income effects are estimated to be 
significant and positive in Urban-Center model, suggesting the demonstration effect 
in domestic tourism demand is significant in some income groups of central urban 
residents.  
Demand model for rural residents 
We are going to use the same methods to look into the domestic tourism 
demand of rural residents. Table 3 presents the estimation results from models for 
Chinese rural residents across thirty provinces over the period of 2000-2007. Since 
this period does not cover the policy change of Golden Weeks, the variable GW is 
excluded in all models. Rural-All1 and Rural-All2 models are the baseline model and 
the model with province heterogeneity over income effects, respectively. Variables 
inc(2) to inc(7) are estimated to be positive, significant and in an ascending order, 
emphasizing the positive impact of absolute income on domestic tourism demand of 
Chinese rural residents. lnP is not statistically significant albeit negative, while lnPS 
is statistically significant and positive. The estimated substitute elasticity by 
Rural-All2 model is 1.622, and it is larger than the one from Urban-All2 model, 
which is merely 0.940. This suggests the substitution effect of local cultural activities 
and entertainment to domestic tourism is stronger for rural residents. Another major 
difference by comparing Rural-All2 and Urban-All2 models is the impact of SARS 
outbreak on domestic tourism demand. While it is significant and negative for urban 
residents, it is not significant for rural residents.  
Table 3 
Estimation Results for Domestic Tourism Demand of Rural Residents 
Variable Rural-All1 Rural-All2 Rural-All3 Rural-East Rural-Center Rural-West 
inc(2) 0.250*** 0.271*** -1.985 -6.235 -1.419 -0.642 
 (0.0434) (0.0500) (1.291) (4.522) (2.248) (1.483) 
inc(3) 0.318*** 0.330*** -2.503** -3.036 -3.525*** -0.752 
 (0.0521) (0.0583) (0.992) (2.299) (1.219) (1.774) 
inc(4) 0.352*** 0.371*** -1.991 -2.767 0.578 -4.410 
 (0.0510) (0.0667) (1.809) (2.785) (2.155) (3.527) 
inc(5) 0.458*** 0.482*** -0.557 1.031 0.566 -4.440* 
 (0.0540) (0.0628) (1.036) (1.400) (0.910) (2.444) 
inc(6) 0.597*** 0.612*** -3.450** 0.572 -8.970*** -4.430 
 (0.0624) (0.0738) (1.719) (1.774) (2.259) (4.302) 
inc(7) 0.936*** 0.849*** -0.550 1.051 -3.367 0.0810 
 (0.0820) (0.0858) (1.758) (2.441) (3.204) (4.232) 
lnP -0.205 -0.296 -0.223 0.769 -0.549 -0.345 
 (0.390) (0.411) (0.398) (0.788) (1.049) (0.274) 
lnPS 1.636*** 1.622** 0.739 0.817 -2.552 2.824*** 
 (0.635) (0.635) (0.647) (0.791) (1.665) (0.890) 
SARS -0.0462 -0.0479 -0.0201 -0.0581 -0.0349 0.0488 
 (0.0370) (0.0359) (0.0325) (0.0699) (0.0459) (0.0453) 
inc(2)*lnaver_inc   0.286* 0.788 0.215 0.120 
   (0.163) (0.554) (0.283) (0.194) 
inc(3)*lnaver_inc   0.357*** 0.401 0.478*** 0.153 
   (0.123) (0.268) (0.152) (0.230) 
inc(4)*lnaver_inc   0.297 0.371 -0.0383 0.635 
   (0.225) (0.335) (0.267) (0.452) 
inc(5)*lnaver_inc   0.131 -0.0543 -0.0130 0.628** 
   (0.127) (0.160) (0.112) (0.311) 
inc(6)*lnaver_inc   0.504** 0.0135 1.184*** 0.644 
   (0.212) (0.210) (0.286) (0.548) 
inc(7)*lnaver_inc   0.175 0.00189 0.491 0.0981 
   (0.216) (0.288) (0.399) (0.538) 
SD(alpha) 0.256*** 0.328*** 0.342*** 0.409*** 0.233*** 0.376*** 
SDS(inc(2))  0.244*** 0.269*** 0.461*** 0.241*** 0.138*** 
SD(inc(3))  0.277*** 0.321*** 0.461*** 0.179*** 0.198*** 
SD(inc(4))  0.323*** 0.357*** 0.471*** 0.114*** 0.310*** 
SD(inc(5))  0.304*** 0.303*** 0.339*** 0.082*** 0.375*** 
SD(inc(6))  0.358*** 0.381*** 0.392*** 0.152*** 0.454*** 
SD(inc(7))  0.426*** 0.430*** 0.477*** 0.305*** 0.413*** 
Observations 40840(30) 40840(30) 40840(30) 13259(11) 13641(8) 13940(11) 
AIC 41890.2 34983.8 34305.1 10906.5 6452.4 14549.6 
BIC 41993.6 35138.9 34511.9 10981.5 6505.0 14625.0 
(Notes: * indicates p<0.10, ** indicates p<0.05, *** indicates p<0.01.Robust standard error in parenthesis. The 
estimates of level1-1 constants and random effect of level-1 error are not presented. SD(.) indicates the estimated 
standard deviation of random effects) 
 
Regarding the slope heterogeneity in Urban-All2 model, we found that all 
random effects are estimated to be statistically significant. This indicates that the 
income effects on rural residents’ domestic tourism demand are also heterogeneous 
across different provinces. In Rural-All3 model, we include the interaction term of 
absolute income and province-average income to investigate the effect of relative 
income on rural residents’ domestic tourism demand. Two of six interaction terms are 
estimated to be statistically significant and positive. This suggests that the 
demonstration effects might be significant among some rural residents. The result is 
different from that in the urban residents’ model, which highlight that higher relative 
income is associated with higher domestic tourism demand. One possible explanation 
is that compared to urban residents, rural residents travel in a more economic and 
utilitarian way, and therefore less status-signaling (N. Wang, 2004), making tourism a 
less conspicuous consumption.  
CONCLUSION 
This research applies multilevel models to investigate the domestic tourism 
demand of urban and rural residents in China. The partially aggregate data from the 
National Household Tourism Survey covers urban residents in thirty five major cities 
from 1996 to 2007 and rural residents in thirty provinces from 2000 to 2007. This 
paper breaks new ground by estimating the effect of relative income in determining 
domestic tourism demand, and highlights the significant relative income effect on 
some urban residents’ tourism demand. Moreover, own price is estimated to be 
significant only for urban residents, while substitute price is significant for both urban 
and rural residents. With regard to the impact of SARS outbreak, we found that it 
exerted significant and negative impacts on urban residents’ domestic tourism demand 
while not on rural residents’. For both urban and rural residents, there is no statistical 
evidence to support the stimulation effect of the Golden Week policy on domestic 
tourism demand.  
Based on the findings from this research, several implications in terms of 
government policy and marketing strategy can be provided. First, when making 
marketing plans to target potential tourists, relative income should be another 
important factor to consider apart from absolute income, as it determines the level of 
domestic tourism demand. Second, different marketing strategies should be proposed 
for residents in different areas and resident in urban and rural areas. For example, 
urban residents in the East are more social status concerning, while Western urban 
residents are more absolute income sensitive. Third, conditional on the fixed price, 
tourism products and services should be designed to be more status-signaling to 
satisfy the needs of urban residents, especially for urban residents in Eastern cities. 
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